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Abstract
Online platforms have banned (“deplatformed”) influencers, communities, and even entire websites to reduce content deemed harmful. 
Deplatformed users often migrate to alternative platforms, which raises concerns about the effectiveness of deplatforming. Here, we 
study the deplatforming of Parler, a fringe social media platform, between 2021 January 11 and 2021 February 25, in the aftermath of 
the US Capitol riot. Using two large panels that capture longitudinal user-level activity across mainstream and fringe social media 
content (N = 112, 705, adjusted to be representative of US desktop and mobile users), we find that other fringe social media, such as 
Gab and Rumble, prospered after Parler’s deplatforming. Further, the overall activity on fringe social media increased while Parler 
was offline. Using a difference-in-differences analysis (N = 996), we then identify the causal effect of deplatforming on active Parler 
users, finding that deplatforming increased the probability of daily activity across other fringe social media in early 2021 by 10.9 
percentage points (pp) (95% CI [5.9 pp, 15.9 pp]) on desktop devices, and by 15.9 pp (95% CI [10.2 pp, 21.7 pp]) on mobile devices, 
without decreasing activity on fringe social media in general (including Parler). Our results indicate that the isolated deplatforming of 
a major fringe platform was ineffective at reducing overall user activity on fringe social media.
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Significance Statement

Deplatforming is a common practice among online platforms to reduce content deemed harmful. However, its effectiveness has been 
debated, as impacted users, influencers, or communities often migrate to alternative platforms. Using two large panels capturing the 
activity of US mobile and desktop users across mainstream and fringe social media, we study the deplatforming of Parler, a social 
media platform associated with conspiracy theorists and far-right extremists. Our results indicate that deplatforming a major fringe 
platform in isolation was ineffective at reducing overall user activity on fringe social media, as users migrated to alternate platforms 
like Gab or Rumble.
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Introduction
To address the rise of false information, hateful speech, and con-
spiracy theories, online platforms have banned influencers, com-
munities, and even entire websites associated with content 
deemed harmful (1). Such actions, broadly referred to as “deplat-
forming,” often result in the migration of affected users to other, 
more permissive platforms (2). Because individual platforms 
typically lack access to other platforms’ data, the overall effective-
ness of deplatforming is hard to evaluate conclusively. Reflecting 
this difficulty, previous work has focused on the effects of deplat-
forming users and communities within a single platform (3) or 
between a pair of platforms where one was the object of enforce-
ment and the other was set up explicitly as a substitute (4, 5). In 
general, these studies have found that deplatforming leads to a 
decrease in overall harmfulness, albeit an increase in the harm-
fulness of users who remain active (3–5). The designs of existing 

analyses have, however, two important limitations. First, they 
do not consider the full range of websites users might migrate to 
after deplatforming, especially less public-facing platforms such 
as Telegram (6). Second, they rely on active engagement (e.g. 
tweeting), which may underestimate the passive consumption 
of harmful content (e.g. views that do not lead to tweets). These 
limitations make it hard to obtain comprehensive and reliable es-
timates of the effects of deplatforming.

In this paper, we address these limitations in the context of a 
high-profile deplatforming event: the suspension of the US social 
networking service Parler from Amazon’s Web hosting services on 
2021 January 11, following the US Capitol attack. At the time, 
Parler was associated with conspiracy theorists and far-right ex-
tremists (7) and had around 2.3 million daily active users (1). 
During the shutdown, Parler users were reported to have migrated 
to other fringe social media such as Rumble, Gab, and Telegram. 
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To capture the total consumption of fringe content across various 
social media platforms (see Materials and methods for a complete 
list), we analyzed two large panels from the Nielsen Company en-
compassing US desktop (NDesktop = 76, 677) and mobile (NMobile =  
36, 028) users from August 2020 to June 2021 (adjusted to be rep-
resentative of US desktop and mobile users). These data’s user- 
level, longitudinal nature allows us to identify the causal effect 
of deplatforming on Parler users. In sum, we find that Parler’s 
temporary removal effectively stopped on-platform activity but 

caused a surge in activity on other fringe sites that roughly com-
pensated for the drop-off, resulting in a negligible overall effect.

Results
Fig. 1 shows the estimated percentage of daily active users (i.e. 
who visited the websites or mobile apps) of Parler and other fringe 
social media considering US desktop (left panel) and mobile (right) 
users (see cf. Supplementary Material, Appendix). User activity on 

Fig. 1. Daily percentage of US desktop (left) and mobile (right) users who were active on Parler (dotted line), other fringe social media websites (dashed 
line), and across all fringe social media (including Parler; solid line), smoothed with a 7-day moving average. Users were weighted so that the panel was 
representative of the US population (see Supplementary Material, Appendix). Insets show user activity on mainstream social media sites (e.g. Facebook, 
Twitter, and YouTube) for comparison. Parler’s number of active users is non-zero during the shutdown period because some users still navigate toward 
the defunct domain. After the deplatforming of Parler, other fringe platforms (e.g. Rumble, Gab) prospered and the overall consumption of fringe social 
media increased.

A B E

C

D

Fig. 2. (A–D) Considering treated users (active on Parler pre-deplatforming; diamond marker) and control users (active on other fringe social media but 
not Parler, pre-deplatforming; circle marker), we show the percentage of daily active users across different types of platforms for the desktop and mobile 
panels between 2020 December 1 and 2021 February 25. (A) illustrates the difference-in-differences model (DiD). (E) DiD regression results for the desktop 
(black) and mobile (gray) panels. Coefficients from scenarios depicted in (A–D) are annotated with the corresponding letters in (E). Error bars represent 
95% confidence intervals. The DiD coefficients indicate that deplatforming increased the probability of daily activity across other fringe social media and 
did not significantly decrease activity on fringe social media in general.
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Parler and other fringe social media grew sharply in the aftermath 
of the 2020 US Presidential Election and peaked following the US 
Capitol attack on 2021 January 6. For example, Parler’s percentage 
of daily active users among all panelists increased by more than 
six times from its highest value in October (desktop: 0.12%; mo-
bile: 0.25%; Fig. 1 is smoothed by a 7-day moving average) and 
the week following the election (desktop: 0.83%; mobile: 1.54%), 
and increased again after January 6 (desktop: 0.96%; mobile: 
3.5%). On January 11, Parler was deplatformed by Amazon, lead-
ing to a decrease in daily active users through February 25, 
when Parler was relaunched on another hosting service (daily ac-
tivity was not precisely zero post-shutdown as some users still na-
vigated to the defunct domain). Over this same period, however, 
the percentage of daily active users of fringe social media plat-
forms other than Parler surged both on desktop and mobile to 
such an extent that user activity across all fringe platforms was 
higher during the shutdown period than before. By comparison, 
activity on mainstream social media (e.g. Facebook) remained 
roughly constant over this interval (see Fig. 1 insets).

This last result seems to suggest that deplatforming Parler 
backfired, causing users to migrate to other venues with similar 
(fringe) content. However, the increase could also have been driv-
en by non-Parler users whose behavior was affected by other fac-
tors (e.g. increased media attention to fringe content around 
January 6). In other words, aggregate data of the sort shown in 
Fig. 1 cannot identify the causal effect of deplatforming on Parler 
users. To overcome this hurdle, we apply a difference-in-differences 
(DiD) approach to longitudinal user-level activity in the desktop and 
mobile panels. We consider the month of December 2020 as our pre- 
intervention period and the days between 2021 January 11 and 2021 
February 25 as the post-intervention period. Our DiD approach 
compares two matched groups of panelists (cf. Materials and methods), 
illustrated in Fig. 2A: “treated” users who spent over 3 min on 
Parler in December 2020 (NTreated

Desktop = 135; NTreated
Mobile = 209) and “control” 

users who spent over 3 min on other fringe social media 
platforms and less than 3 min on Parler over the same period 
(NControl

Desktop = 265; NControl
Mobile = 387). Our model calculates the difference 

in probability of daily activity (i.e. the chance of a user visiting a 
website or set of websites on a given day) between the pre- and post- 
intervention periods for both treatment and control groups 
(Δtreated and Δcontrol in Fig. 2A). Under the identifying assumption 
that these differences would remain constant in the absence of the 
intervention (here, the deplatforming of Parler), we can estimate its 
causal effect through the difference in differences (δ = Δtreated −  
Δcontrol; cf. Materials and methods for details). Fig. 2A–D shows the 
same information for all four combinations of Parler vs. other fringe 
social media and desktop vs. mobile, where parallel pre- 
intervention trends across all four panels suggest that the identify-
ing assumption is credible (as does placebo testing; see 
Supplementary Material, Appendix).

Fig. 2E depicts the results of the DiD regression analysis 
(cf. Materials and methods). We observe a significant decrease in the 
probability of daily activity on Parler itself for both the desktop 
(−7.4 percentage points; 95% CI [ − 10.4, − 4.4]) and mobile (−17.6; 
95% CI [ − 21.7, − 13.5]) panels. Consistent with Fig. 1, however, there 
was also a significant increase in the time spent by active Parler users 
on other fringe social media for both panels (desktop: 10.9 percentage 
points; 95% CI [5.8, 15.9]; mobile: 15.9; 95% CI [10.2, 21.7]). In sum, the 
net effect of deplatforming on Parler users over all fringe social media 
(Parler as well as others) was small and not statistically significant. As 
a sanity check, we run the same model comparing the user activity 
on mainstream social media websites (e.g. YouTube, Twitter, cf. 
Supplementary Material, Appendix for a complete list), which we 

would not expect to be affected by the deplatforming, again finding 
small and statistically insignificant effects.

Discussion
These results indicate that deplatforming Parler was ineffective at re-
ducing the consumption of the type of content that was deplat-
formed. It increased user activity on other fringe social media 
platforms and did not significantly decrease the total user activity 
on all fringe social media platforms taken together. This finding is 
aligned with previous research suggesting that online hate groups 
are resilient to uncoordinated interventions that affect only part of 
their ecosystem (8). Web stakeholders may benefit from this insight 
by reconsidering platform-level interventions and by, e.g. promoting 
simultaneous action against multiple fringe social media platforms 
or acting proactively rather than reactively during periods of political 
unrest. Our analysis is also relevant to researchers studying content 
moderation in general, as it demonstrates the value of analyzing pas-
sive engagement across multiple platforms. Measurements captur-
ing overt engagement (e.g. posts, comments) on specific platforms 
(3) or pairs of platforms (5, 4) tend to underestimate user activity 
on fringe social media after deplatforming, as users move to a variety 
of other platforms (some, like Telegram, less public-facing).

Our findings are naturally limited to the deplatforming of an 
entire social media (Parler) during a period of exceptional political 
unrest. We note, however, that our scenario is similar to other in-
stances of deplatforming; e.g. 8kun, and Gab, here analyzed as 
part of the “other fringe social media” category, were themselves 
temporarily deplatformed after being associated with mass shoot-
ings (9). Deplatforming policies applied to individual actors (e.g. 
Twitter users, YouTube channel owners) or groups (e.g. subred-
dits) may have different effects from those observed here. We 
also note that the validity of our causal results is predicated on 
the identifying assumptions of our DiD model.

Fringe platforms are an important part of an ecosystem of 
fringe communities and personalities who exert influence over 
the media (2, 10) and large mainstream social media (11). They 
are tied to hate crimes (9) and anti-democratic riots (12), and 
were pivotal to the so-called “infodemic” during the 2020 corona-
virus pandemic (13). In this context, we hope our findings will help 
inform policy responses to such websites.

Materials and methods
Data
Our data are drawn from panels maintained by the Nielsen 
Company, where individuals agree to have their media and 
Internet consumption habits tracked in exchange for payment. 
Specifically, we use two such panels: a desktop panel and a mobile 
panel. The panels have rotating membership, meaning that tracked 
individuals join and leave the panel over time. In both panels, track-
ing software is installed on the user’s devices (their computer for 
the desktop panel and their phone for the mobile panel).

Labeling social media platforms
To analyze user activity on the fringe and mainstream social media 
across the panels, we create lists of apps and domains and then de-
tect panelists accessing websites/apps in the list. We consider fringe 
social media platforms to be broadly what Freelon et al. (2) define as 
“Alt-tech” platforms: social media websites that have become popu-
lar among groups espousing extreme or fringe opinions due to mod-
eration policies that are less stringent than those of mainstream 
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social media such as Facebook or YouTube. Specifically, we con-
sider domains and apps associated with Locals, Gab, Rumble, 
BitChute, 8kun, Telegram, 4chan, MeWe, DLive, Minds, and 
Parler. We consider mainstream social media platforms to be those 
included in Pew’s 2021 survey about social media use (14).

Difference-in-differences
We estimate the effect δ of deplatforming Parler on users’ social 
media usage with a DiD model:

Yit = γPt + λTi + δPtTi + ϵit, (1) 

where the daily usage Yit of user i on day t is determined by 
whether day t came after the deplatforming of Parler (Pt ∈ {0, 1}) 
and whether the user was an active consumer of Parler before 
the intervention (Ti ∈ {0, 1}).

We make our results more robust by estimating our DiD model 
using weights generated by coarsened exact matching and 
clustering standard errors at the user level. We matched users on 
sociodemographic characteristics and their pre-intervention activ-
ity (using Scott binning). We achieved exact matches for the socio-
demographic features and low standardized mean differences for 
pre-intervention activity (0.028 for desktop; 0.011 for mobile). To ob-
tain such matching, we discard 346 units in the mobile panel (out of 
942) and 112 units in the desktop panel (out of 512), obtaining 
matched samples of size NDesktop = 400 and NMobile = 596.

Acknowledgments
We thank the Nielsen Company for access to their mobile and 
Web panel data, especially to M. Mazumdar, B. Sissenich, and 
E. Wong for their ongoing support.

Supplementary Material
Supplementary material is available at PNAS Nexus online.

Funding
H.H. and D.W. are grateful for the financial support provided by 
Richard Jay Mack and the Carnegie Corporation of New York 
(Grant G-F-20-57741). M.H.R. and R.W. acknowledge support from 
the Swiss National Science Foundation (grant 200021_185043), the 
European Union (TAILOR, grant 952215), the Microsoft Swiss Joint 
Research Center, and Google, and by generous gifts from 
Facebook, Google, and Microsoft.

Authors’ Contributions
M.H.R., H.H., R.W., and D.W. designed research; M.H.R. and H.H. 
analyzed data; and M.H.R., H.H., R.W., and D.W. wrote the paper.

Data Availability
We are unable to share data for this paper. We have been ex-
empted from PNAS Nexus Materials and Data Availability Policy 
by the editorial board upon request.

References
1 Zuckerman E, Rajendra-Nicolucci C. 2021. Deplatforming our 

way to the Alt-Tech ecosystem (Online) [accessed 2021 Jun 20]. 
https://knightcolumbia.org/blog/deplatforming-our-way-to-the- 
alt-tech-ecosystem.

2 Freelon D, Marwick A, Kreiss D. 2020. False equivalencies: online 
activism from left to right. Science. 369(6508):1197–1201.

3 Jhaver S, Boylston C, Yang D, Bruckman A. 2021. Evaluating the 
effectiveness of deplatforming as a moderation strategy on twit-
ter. Proc ACM Hum-Comput Interact. 5(CSCW2):1–30.

4 Ali S, et al. 2021. Understanding the effect of deplatforming on 

social networks. In: Proceedings of the 13th ACM Web Science 
Conference. Ljubljana, Slovenia: ACM; 2021. p. 187–195.

5 Horta Ribeiro M, et al. 2021. Do platform migrations compromise 
content moderation? Evidence from r/The_Donald and r/incels. 
Proc ACM Hum-Comput Interact. 5(CSCW2):1–24.

6 Urman A, Katz S. 2022. What they do in the shadows: examining 
the far-right networks on telegram. Inf Commun Soc. 25(7): 
904–923.

7 Aliapoulios M, et al. 2021. A large open dataset from the Parler so-
cial network. Proceedings of the International AAAI Conference 
on Web and Social Media. AAAI; Vol. 15. p. 943–951.

8 Johnson NF, et al. 2019. Hidden resilience and adaptive dynamics 
of the global online hate ecology. Nature. 573(7773):261–265.

9 McIlroy-Young R, Anderson A. 2019. From “welcome new gab-
bers” to the Pittsburgh synagogue shooting: the evolution of 
Gab. In: Proceedings of the International AAAI Conference on 
Web and Social Media. Munich, Germany: AAAI;  Vol. 13. p. 
651–654.

10 Benkler Y, Faris R, Roberts H. 2018. Network propaganda: manipula-

tion, disinformation, and radicalization in American politics. Oxford 
University Press.

11 Zannettou S, et al. 2017. The web centipede: understanding how 
web communities influence each other through the lens of 
mainstream and alternative news sources. In: Proceedings of 
the 2017 Internet Measurement Conference. London: ACM; p. 
405–417.

12 VanDyke D. 2022. Coded data: tracking discursive trends in the 
January 6 Parler data. In: The capitol riots. Routledge. p. 72–94.

13 Zarocostas J. 2020. How to fight an infodemic. Lancet. 395(10225): 
676.

14 Auxier B, Anderson M. 2021. Social media use in 2021. Pew Res 
Center. 1:1–4.

D
ow

nloaded from
 https://academ

ic.oup.com
/pnasnexus/article/2/3/pgad035/7081430 by guest on 23 O

ctober 2023

http://academic.oup.com/pnasnexus/article-lookup/doi/10.1093/pnasnexus/pgad035#supplementary-data
https://knightcolumbia.org/blog/deplatforming-our-way-to-the-alt-tech-ecosystem
https://knightcolumbia.org/blog/deplatforming-our-way-to-the-alt-tech-ecosystem

	Deplatforming did not decrease Parler users’ activity on fringe social media
	Introduction
	Results
	Discussion
	Materials and methods
	Data
	Labeling social media platforms
	Difference-in-differences

	Acknowledgments
	Supplementary Material
	Funding
	Authors’ Contributions
	Data Availability
	References




